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－ 一
UNCONSTRAINED ALGORITHMS 

This section presents two t ypes of algorithms for the unconstrained problem: direct 
search and gradient. 

Direct Search Method 

Direct search methods apply primarily to strictly unimodal single-variable functions. 
Although the case may appear trivial, Section 21.1.2 shows that optimization of 
single-variable functions is key in the development of the more general multivariable 
algorithm. 

The idea of direct search methods ts to identify the mterval of uncertainty 
known to include the optimum solution point. The procedure locates the optimum by 
iteratively narrowing the interval of uncertainty to a desired level of_accuracy 

Two closely related search algorithms are presented in this seclton: dichotomous 

and golden section. Both algorithms see k the maximization of a unimodal function 

/(x) over the interval a $ x $ b that me u 
·1 des the optimum point x*. The two methods 
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